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- Space of
textures

Input is a 2D texture which is captured by an implicit field, i.e. we can
sample a new texture independent of spatial resolution and shape.

Output is a space of 2D or 3D textures with following characteristics:
Complete | Generative | Interpolatable | Continuous domain
Diverse | Infinite zoom | Computationally efficient | Compact
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Ours + position - + |+ | + | + | +
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Table 2. Efficiency in terms of compute time and memory usage in
2D and 3D (columns) for different methods (rows).

1.5

Metic Time Memory
2D 3D 2D 3D

perline 0.18ms 0.18 ms 65k 16 M
perlinTe 0.25ms 0.25ms 65k 16 M
cnn 1.45ms 551.59ms 8,000k 646 M
cnnDe 145ms 551.59ms 8,000k 646 M
mlpe 1.43ms 1.43 ms 65k 16 M
oursPe 1.44ms 1.44 ms 65k 16 M
oursNoT 1.24 ms 1.24 ms 65k 16 M
ours e 1.55ms 1.50 ms 65k 16 M
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